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Abstract: A non-intrusive approach coupled with non-uniform rational B-splines based isogeometric

finite element method is proposed here. The developed methodology was employed to study the

stochastic static bending and free vibration characteristics of functionally graded material plates

with inhered material randomness. A first order shear deformation theory with an artificial shear

correction factor was used for spatial discretization. The output randomness is represented by

polynomial chaos expansion. The robustness and accuracy of the framework were demonstrated by

comparing the results with Monte Carlo simulations. A systematic parametric study was carried out

to bring out the sensitivity of the input randomness on the stochastic output response using Sobol’

indices. Functionally graded plates made up of Aluminium (Al) and Zirconium Oxide (ZrO2) were

considered in all the numerical examples.

Keywords: uncertainty; Monte Carlo simulations; non-intrusive; isogeometric analysis; polynomial

chaos expansion

1. Introduction

Composite materials are widely used in a large variety of structures due to their high strength

to weight ratio and excellent thermo-mechanical and corrosion resistance properties [1–3]. On the

other hand, composite materials can be engineered to achieve a varying spatial composition profile

and, hence, arrive at the required properties at specific locations. Such inhomogeneous materials,

consisting of two or more different materials, are known as functionally graded materials (FGM).

Functionally graded materials can be fabricated by varying the elastic modulus from one phase to

another in one or more directions. Some applications of FGM include rocket heat shields, electrical

insulation in metal/ceramic joints, dental implants, and bone replacements [4]. The FGM fabrication

process results in inherent randomness, since the gradients of the constituent materials are to be varied

continuously in the space along with the physical material properties. Therefore, the analysis of FGM

using deterministic approaches will not accurately predict actual behaviour. The inherent uncertainties

existing in the system are required to be considered while estimating the system response. Thus,

structures involving functionally graded materials are required to be modelled and analysed using

stochastic analysis [5].

One straight forward approach to quantify the effect of randomness on the output response

is to use a direct Monte Carlo simulation (MCS) approach. However, given that the MCS requires

a sufficiently large number of samples, typically 10,000, it becomes computationally intractable.

To alleviate this issue, the stochastic finite element method was found to be the most common and
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promising tool to study the stochastic response. Different variants of the stochastic finite element

method include the probabilistic finite element method [6], the weighted integral method in stochastic

finite element analysis [7], the spectral stochastic finite element method [8], and the stochastic finite

element method based on perturbation technique [9], to name a few. A comprehensive discussion of

stochastic finite element methods is given in [10].

A stochastic perturbation technique was adopted to study the free vibration characteristics of

FGM plates in [11,12]. The spectral stochastic isogeometric analysis (SSIGA) using the first order

deformation theory was implemented by Keyen Li et al. to obtain the static response of the FGM

plates [13]. Chiba et al. [11], addressed the randomness in the thermal conductivity and coefficient of

linear thermal expansion of the FGM plates. The analysis was performed by considering the thermal

properties to be distinct for each layer. Stochastic finite element analysis using artificial neural networks

(ANN) coupled with higher-order-zigzag theory (HOZT) was presented by R.R. Kumar et al. [14]. In

this study, it was shown that the uncertainty in the input parameters has significant effects on the

higher order modes of the buckling analysis [14]. The size-dependent effects on thermal buckling

and post-buckling behaviours of the imperfect micro FGM plates with porosity is presented using

isogeometric analysis in [15]. The seventh order shear deformation plate theory was employed

to capture the size-dependent phenomenon. Shaker [12] studied the stochastic free vibrations of

FGM plates using the third order shear deformation theory, with uncertainties in the constituent

material properties and the volume fraction index. However, a subtle drawback of this approach

is that it is limited to small input variance, typically less than 20% [16]. Kumaraian et al. [17]

employed a cell-based smoothed discrete shear gap method to study the stochastic free vibration

characteristics of functionally graded material plates. The input random field was represented by using

the Karhunen–Loéve (KL) expansion, and a polynomial chaos expansion was used to represent the

stochastic output response. The critical buckling behaviour of the the plate due to the varying thickness

and presence of cracks was addressed using the phase field theory coupled with third order shear

deformation theory [18]. Sepahvand et al. [19] studied the stochastic free vibration characteristics of

orthotropic plates with uncertainty in elastic moduli using the generalized polynomial chaos expansion

(gPCE) to represent both the uncertainty in input as well as in the output. The sensitivity analysis for

low-frequency vibration and low-velocity impact of the FGM plates was presented by Karsh et al. [20].

The equilibrium and stability equations of FGM plates for working in the high temperature conditions

were formulated by Tran et al. [21]. The optimisation using hybrid evolutionary firefly algorithm of

the FGM plates subjected to thermo-mechanical loading was demonstrated by Lieu and Qui X [22].

In this work, the influence of the randomness in the material properties, particularly, Young’s

modulus and density on the uncertainty in the static bending and free vibration characteristics of

FGM plates were studied using a non-intrusive approach. The salient feature of this approach is that

it does not require any modification to the existing code. However, to capture the uncertainties, the

forward solver has to be used as a black-box, which has to be computationally efficient. Hence, in this

paper, we used the non-uniform rational basis spline (NURBS)-based isogeometric analysis framework

for the spatial discretization, and the plate kinematics is based on the first order shear deformation

theory. The results from the proposed framework are validated against the Monte Carlo Simulations

with a sufficiently large number of samples. The sensitivity of the material randomness on the output

characteristics are studied using Sobol’ indices.

The rest of the paper is organized as follows: an overview of the functionally graded material

plates, and the first order shear deformation plate theory is presented in Section 2. Section 3 presents

a brief discussion of the isogeometric analysis employed in this study. The non-intrusive spectral

approach is presented in Section 4. The influence of the material randomness on the static bending and

free vibration of functionally graded plates are presented in Section 5. The results from the present

framework are compared with the brute-force Monte Carlo simulations. The sensitivity of the random

variables on the stochastic output response was systematically studied. This is followed by conclusions

in Section 6.
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2. Analysis of Functionally Graded Panels

2.1. Effective Modulus and Poisson’s Ratio

In this study, a rectangular composite plate made of ceramic and metal is considered for

simulations. As shown in Figure 1a, the dimensions along the in-plane directions (x, y) and along

the thickness (z) direction are indicated by a, b, and h, respectively. The material on the top surface

(z = h/2) of the plate is ceramic rich and is graded to metal towards the bottom surface (z = −h/2)

of the plate, according to a power law. The effective properties of the plate made of functionally

graded materials can be estimated by employing either the rule of mixtures or the Mori–Tanaka

homogenization scheme.

Let Vi(i = c, m) denotes the volume fraction of the constituent phase, where the subscripts c

and m refer to ceramic and metallic phases, respectively. The total volume fraction of ceramic and

metal phases is related as Vc + Vm = 1. Furthermore, the volume fraction of the ceramic (Vc) is given

by Equation (1):

Vc(z) =

(

2z + h

2h

)n

, (1)

where n is known as the volume fraction exponent (n ≥ 0), or the gradient index. The composition of

the ceramic and the metal varies linearly when n = 1, whereas, n = 0 indicates a fully ceramic plate.

Any other value of n yields a composite material with a smooth transition from ceramic to metal, as

shown in Figure 1b. In this study, the Mori–Tanaka homogenization scheme is adopted to compute the

effective Young’s modulus and Poisson’s ratio.

According to the Mori–Tanaka homogenization scheme, the effective Young’s modulus (Eeff)

and Poisson’s ratio (νeff) are computed using the effective bulk modulus (Keff) and the effective shear

modulus (Geff), as [23]:

Eeff =
9KeffGeff

3Keff + Geff
, (2)

νeff =
3Keff − 2Geff

2(3Keff + Geff)
(3)

where the effective bulk and shear modulus can be estimated using the relations mentioned below:

Keff − Km

Kc − Km
=

Vc

1 + Vm
3(Kc−Km)
3Km+4Gm

, (4)

Geff − Gm

Gc − Gm
=

Vc

1 + Vm
(Gc−Gm)
(Gm+ f1)

. (5)

Km and Kc are the bulk modulus and Gm and Gc are the shear modulus; of the metal and ceramic

materials, respectively, and

f1 =
Gm(9Km + 8Gm)

6(Km + 2Gm)
. (6)

2.2. First Order Shear Deformation Theory

The displacements along the x, y and z directions at a point (x, y, z) in the plate (see Figure 1a),

indicated by u, v, w, can be expressed in terms of the mid-plane displacements u0, v0, w0 and

independent rotations θx, θy in the yz and xz planes, respectively, as:

u(x, y, z, t) = u0(x, y, t) + zθx(x, y, t), (7)

v(x, y, z, t) = v0(x, y, t) + zθy(x, y, t), (8)

w(x, y, z, t) = w0(x, y, t). (9)
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(a) (b)

Figure 1. Functionally graded rectangular plate: (a) geometry and (b) volume fraction of ceramic and

metallic phases through the thickness of the plate for different gradient indices.

The strain field in terms of mid-plane deformation are given by:

ε =

{

εp

0

}

+

{

zεb

εs

}

. (10)

The mid-plane (εp), bending (εb), shear (εs) strains in Equation (10) are:

εp =











uo,x

vo,y

uo,y + vo,x











, (11)

εb =











θx,x

θy,y

θx,y + θy,x











, (12)

εs =

{

θx + wo,x

θy + wo,y

}

, (13)

where the subscript "comma" represents the partial derivative with respect to the succeeding spatial

coordinate. The resultant membrane stress (N) and the resultant bending stress (M) can be expressed in

terms of the membrane strains, εp and bending strains εb through the following constitutive relations:

N =











Nxx

Nyy

Nxy











= Aεp + Bεb (14)

M =











Mxx

Myy

Mxy











= Bεp + Dbεb (15)

where the matrices A = Aij, B = Bij and Db = Dij; (i, j = 1, 2, 6) indicate the extensional,

bending-extensional coupling, and bending stiffness coefficients, which are defined as:

{

Aij, Bij, Dij

}

=
∫ h/2

−h/2
Qij

{

1, z, z2
}

dz. (16)

Similarly, the transverse shear force Q = {Qxz, Qyz} is related to the transverse shear

strains (εs) as:

Qij = Eijεs, (17)
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where Eij =
∫ h/2
−h/2 Qυiυj dz; (i, j = 4, 5) is the transverse shear stiffness coefficient, υi, υj are the

transverse shear coefficients for non-uniform shear strain distribution through the plate thickness.

The stiffness coefficients Qij are defined as:

Q11 = Q22 =
E(z)

1 − ν2
, (18)

Q12 =
νE(z)

1 − ν2
, (19)

Q16 = Q26 = 0, (20)

Q44 = Q55 = Q66 =
E(z)

2(1 + ν)
, (21)

where the modulus of elasticity (E(z)) and the Poisson’s ratio (ν) are estimated using Equation (3).

The total strain energy (U) of the functionally graded plate can be estimated as:

U(δ) =
1

2

∫

Ω

{

εT
pAεp + εT

pBεb + εT
b Bεp + εT

b Dεb + εT
s Eεs

}

dΩ (22)

where δ = {u, v, w, θx, θy} indicate the vector of degrees of freedom. Furthermore, the strain energy

function in Equation (22) can be rewritten as [24]:

U(δ) =
1

2
δTKδ (23)

where K is the linear stiffness matrix. On the other hand, the kinetic energy of the plate is given by:

T(δ) =
1

2

∫

Ω

{

p(u̇2
o + v̇2

o + ẇ2
o) + I(θ̇2

x + θ̇2
y)
}

dΩ (24)

where p =
∫ h/2
−h/2 ρ(z) dz, I =

∫ h/2
−h/2 z2ρ(z) dz and ρ(z) is the mass density which varies along the

thickness direction. Moreover, considering the thermal field results in the in-plane stress, Nth. The

external work due to the in-plane stresses developed in the plate in the presence of a thermal load is

given by:

V(δ) =
∫

Ω

{

1

2

[

Nth
xxw2

,x + Nth
yyw2

,y + 2Nth
xyw,xw,y

]

+

h2

24

[

Nth
xx

(

θ2
x,x + θ2

y,x

)

+ N2
yy

(

θ2
x,y + θ2

y,y

)

+ 2Nth
xy

(

θx,xθx,y + θy,xθy,y

)

]

}

dΩ (25)

The governing equations of motion can be obtained by considering the Lagrange equations of

motion mentioned below

d

dt

[

∂(T − U)

∂δ̇i

]

−

[

∂(T − U)

∂δi

]

= 0, i = 1, 2, · · · , n (26)

The governing equations obtained using the minimization of total potential energy in

Equation (26), are solved using the Galerkin finite element method. Therefore, the simplified finite

element equations can be written as:

Static bending:

Kδ = F (27)

Free vibration:

Mδ̈ + Kδ = 0 (28)
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where

K =
∫

Ω

{

BT
1 AB1 + BT

1 BB2 + BT
2 BB1 + BT

2 DB2 + BT
3 EB3

}

dΩ (29)

M =
∫

Ω
NT ρ N dΩ (30)

F =
∫

Ω
NTt dΩ (31)

are the stiffness matrix, the mass matrix and the force vector, respectively, δ =
{

uo, vo , wo, θx, θy

}

is

the vector of degrees of freedom and Bi, i = 1, 2, 3 are the strain-displacement matrix given by:

B1 =







Ni,x 0 0 0 0

0 Ni,y 0 0 0

Ni,x Ni,y 0 0 0






, i = 1, · · · , n (32)

B2 =







0 0 0 Ni,x 0

0 0 0 0 Ni,y

0 0 0 Ni,y Ni,x






i = 1, · · · , n (33)

B3 =

[

0 0 Ni,x Ni 0

0 0 Ni,y 0 Ni

]

i = 1, · · · , n (34)

where n denotes the number of nodes.

3. Overview of Isogeometric Analysis

In this study, non-uniform rational basis spline (NURBS) basis functions are used in the finite

element approximation. A brief introduction to NURBS is presented here, further details on their

use in finite element method (FEM) are discussed in [25,26]. The key ingredients in the construction

of NURBS basis functions are: the knot vector (a non decreasing sequence of parameter values,

ξi ≤ ξi+1, i = 0, 1, · · · , m − 1), the control points, Pi, the degree of the curve p, and the weight

associated to a control point, w. The ith B-spline basis function of degree p, denoted by Ni,p is defined

as:

Ni,0(ξ) =

{

1 if ξi ≤ ξ ≤ ξi+1

0 otherwise

Ni,p(ξ) =
ξ − ξi

ξi+p − ξi
Ni,p−1(ξ) +

ξi+p+1 − ξ

ξi+p+1 − ξi+1
Ni+1,p−1(ξ) (35)

A pth degree NURBS curve is defined as follows:

C(ξ) =

m

∑
i=0

Ni,p(ξ)wiPi

m

∑
i=0

Ni,p(ξ)wi

(36)

where Pi are the control points and wi are the associated weights. Figure 2 shows the third order

non-uniform rational B-splines for a knot vector, Ξ = {0, 0, 0, 1, 2, 3, 4, 4, 5, 5, 5}. NURBS

basis functions has the following properties: (i) non-negativity, (ii) partition of unity, ∑
i

Ni,p = 1;

(iii) interpolatory at the end points. As the same function is also used to represent the geometry, the

exact representation of the geometry is preserved. It should be noted that the continuity of the NURBS

functions can be tailored to the needs of the problem. The B-spline surfaces are defined by the tensor
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product of basis functions in two parametric dimensions ξ and η with two knot vectors, one in each

dimension as:

C(ξ, η) =
n

∑
i=1

m

∑
j=1

Ni,p(ξ)Mj,q(η)Pi,j (37)

where Pi,j is the bidirectional control net and Ni,p and Mj,q are the B-spline basis functions defined on

the knot vectors over an m × n net of control points Pi,j. The NURBS surface is then defined by:

C(ξ, η) =
∑

n
i=1 ∑

m
j=1 Ni,p(ξ)Mj,q(η)Pi,jwiwj

w(ξ, η)
(38)

where w(ξ, η) is the weighting function. The displacement field within the control mesh is

approximated by:

{ue
o, ve

o, we
o, θe

x, θe
y} = C(ξ, η){uoJ , voJ , woJ , θxJ , θyJ}, (39)

where uoJ , voJ , woJ , θxJ , θyJ are the nodal variables and C(ξ, η) are the basis functions given

by Equation (38). The transverse shear deformations are included in the formulation of the Mindlin

theory for thick plates. In the Mindlin theory, the transverse normal to the mid surface of the plate

before deformation remain straight but not necessarily normal to the mid surface after deformation.

Based on this condition, the continuity requirement on the assumed displacement fields can be relaxed.

However, for very thin plates, the following relations must be satisfied:

w,x + θx = 0 (40)

w,y + θy = 0 (41)

i.e., the shear strain εs must vanish in the domain as the thickness approaches zero. The lower order

NURBS basis functions suffer from shear locking when applied to thin plates. Kikuchi and Ishii [27]

introduced an artificial shear correction factor to suppress shear locking in a 4-noded quadrilateral

element. In this paper, we employ the same technique to suppress the shear locking syndrome in lower

order NURBS basis functions [28]. The modified shear correction factor is given by:

υe = υ

(

h
βle

)2

(

1 +
(

h
βle

)2n
)1/n

(42)

where n and β are positive integers, le is the diameter of the element equal to maximum or diagonal

length of the element, h is thickness of the element and υ is the shear correction factor.
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Figure 2. Non-uniform rational B-splines, order of the curve, p = 2.
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4. Non-Intrusive Spectral Projection

Let Y = f (ζ) represents the response from a computational model, where ζ = {ζ1, ζ2, · · · , ζd}

denote the random input parameters of a probabilistic model, in which d indicates the number of

random parameters. The randomness in the computational model could be due to randomness in the

material, geometry, and/or the applied load. In this study, only the randomness in material properties

is considered. Therefore, a finite variance of the output Y in the Hilbert space can be represented as:

Y(ζ) =
∞

∑
i=0

yiΨi(ζ) (43)

where yi are the polynomial coefficients and Ψi denote the multivariate basis.

An orthonormal multivariate polynomial basis is selected for the polynomial chaos expansion.

The orthogonal polynomials can be obtained using the monomials {1, ζ, ζ2, · · · }, and the

Gram–Schmidt orthogonality condition.

Norbert Wiener first proposed [29] the polynomial chaos expansion (PCE) for Gaussian random

input variables in terms of Hermite polynomials, which can be used to expand the random process

with finite variance, known as the second order random process. These polynomials can approximate a

given functional in the L2 space and the convergence also happens in L2 space. Therefore, polynomial

chaos expansion theory can be applied to a wide range of real-time applications. The list of random

distribution functions and their corresponding optimal orthogonal polynomials are listed in Table 1.

Table 1. Wiener–Askey polynomials and their corresponding random variables; N is a finite integer.

Distribution Types Polynomials Support

Continuous Beta Jacobi [−1, 1]
Exponential Laguerre [0,+∞]

Gamma General Laguerre [0,+∞]
Normal Hermite [−∞,+∞]
Uniform Legendre [−1, 1]

Discrete Poisson Charlier {0, 1, 2, · · · }
Binomial Krawtchouk {0, 1, 2, · · · , N}

Negative Binomial Meixner {0, 1, 2, · · · }
Hypergeometric Hahn {0, 1, 2, · · · , N}

The orthogonal polynomials are univariate, and the tensor product in the multi-dimension can

provide multivariate orthogonal polynomials. Let us consider the second order random process

denoted by the output variable Y, which is a function of random event θ. The polynomial chaos

expansion using the Legendre polynomials can be written as:

Y(ζ(θ)) = α0P0 +
∞

∑
i=1

αiP1(ζi(θ)) +
∞

∑
i=1

i

∑
j=1

αijP2(ζi(θ), ζ j(θ))+

∞

∑
i=1

i

∑
j=1

j

∑
k=1

αijkP3(ζi(θ), ζ j(θ), ζk(θ)) + · · ·

(44)

where Pn(ζ) denotes the Legendre polynomials of order n and the independent random variable ζ

follows the uniform distribution and its dispersion around the mean is specified using the coefficient of

variation (CoV). The polynomial chaos expansion is represented using the integrals, which are replaced

by the summation in the discrete form. For practical applications, the infinite series in Equation (44) is

truncated as mentioned below

N + 1 =
(p + d)!

p!d!
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where p indicates the highest polynomial degree and d denotes the dimensionality of the random

input vector. The Legendre polynomials in general can be expressed as

Pn(ζ) =
M

∑
m=0

(−1)m (2n − 2m)!

2nm!(n − m)!(n − 2m)!
ζn−2m (45)

where M = n
2 or n−1

2 whichever is an integer. A simplified form of Equation (44) considering N PCE

terms is given by

Y(ζ) =
N

∑
j=0

α̂jΨj(ζ). (46)

The Legendre polynomial basis satisfies the following orthogonality property.

〈Ψi, Ψj〉 = 〈Ψ2
i 〉δij (47)

where δij represents the Kronecker delta and 〈, 〉 indicate the inner product in the Hilbert space

determined by the support of the random variable, i.e., 〈a, b〉 =
∫

Ω

ab dΩ

The coefficients in Equation (44) are obtained using the Galerkin projection. This implies

Equation (44) is multiplied by every polynomial as shown below:

αj =
〈Y(ζ), Ψj〉

〈Ψ2
j 〉

, j = 0, 1, · · · , N (48)

The residual error representing the output response, which is estimated using the PCE can be

ensured to be orthogonal to the function space spanned by the PCE basis, through Equation (48).

Equation (48) can be evaluated using the Gauss quadrature given by:

αj ≈
Ngp

∑
n1=1

· · ·
Ngp

∑
nd=1

Y(ζn1
1 , · · · ζ

nd
1 )(Wn1

1 (ζ1)⊗ · · · ⊗W
nd
d (ζd)) (49)

where W is the weighting functions and Ngp is the number of Gauss points.

The mean (Y) and variance (V) of the output response mentioned in Equation (46), is estimated

using the following orthogonality conditions:

Y = α0 (50)

V =
N

∑
j=1

α2
j 〈Ψj, Ψj〉 (51)

Furthermore, sensitivity analysis was performed to identify the input parameters that have

greatest influence on the output response of the system. In this study, the global sensitivity analysis

was performed, where the global sensitivity index focuses on the variance of the model and determines

the impact of input variability on the output variance. The advantage of using PCE is that the global

sensitivity functions can be directly obtained from the coefficients of PCE. The sensitivity index of the

input parameters can be calculated using the Sobol indices.

5. Numerical Examples

In this section, stochastic static bending and free vibrations of functionally graded material plate

are studied using the NURBS-based isogeometric analysis. An FGM plate made up of Aluminium

(Al) and Zirconium Oxide (ZrO2) was considered in the simulations. The plate is a homogeneous

ceramic, when the gradient index is n = 0. Four different values for the gradient index (n = 0, 2, 5, 8)

were considered.
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The mean values of the Young’s modulus and density of the constituent phase are given in Table 2.

Poisson’s ratio, ν is assumed to be deterministic and taken as 0.3 for both metallic and ceramic phases,

whilst, the Young’s modulus and the density of the plate material are considered to be random with a

uniform distribution of the coefficient of variation (CoV) as 20% for both metallic and ceramic phases.

Since a uniform distribution is considered, the orthogonal polynomial of the Askey–Wiener scheme

becomes the Legendre polynomial. Unless specified, quadratic NURBS were employed in this study,

considering only simply supported boundary conditions mentioned below:

uo = wo = θx = 0, on y = 0, b

vo = wo = θy = 0, on x = 0, a

Table 2. The mean value and coefficient of variation (CoV) of random input parameters.

Random Input Variable Symbol Mean Value CoV

ZrO2
Young’s modulus Ec 151 GPa 0.2

Density ρc 3000 kg/m3 0.2

Al
Young’s modulus Em 70 GPa 0.2

Density ρm 2770 kg/m3 0.2

5.1. Validation

Before proceeding with the stochastic analysis, results from the deterministic analysis were

validated using the results from the literature. The plate was modelled with 4, 8, 16, and 24 control

points per side for static bending and 8, 16, and 24 control points for free vibration analysis, respectively.

Tables 3 and 4 summarize the convergence of the normalised central deflection and the first normalised

fundamental frequency with increasing number of control points and for different gradient indexes.

In case of the static bending, the plate is subjected to a uniformly distributed load, p = 100 N/m2 on

the top surface of the plate. Results from the present analysis were compared with the edge-based

smoothed discrete shear gap method (ES-DSG3) [30], a continuum mechanics based four-node mixed

interpolation of tensorial components(MITC4) [30], higher order shear deformation plate theory

(HSDT) [31], and kp−Ritz [32,33] methods, where a very good agreement is observed. The analysis

was carried out using quadratic NURBS with 16 control points.

Table 3. Normalized centre deflection

(

100w
Ech3

12(1 − ν2)pa4

)

for a simply supported Al/ZrO2-1

functionally graded materials (FGM) square plate with a/h = 5, subjected to a uniformly distributed

load p.

Method Number of Gradient Index, n

Control Points 0 0.5 1 2

Quadratic

4 0.162098 0.218914 0.256018 0.293806

8 0.171617 0.232392 0.271879 0.311459

16 0.171649 0.232439 0.271935 0.311520

24 0.171651 0.232441 0.271938 0.311523

ES-DSG3 [30] 0.1700 0.2296 0.2680 0.3066

MITC4 [30] 0.1715 0.2317 0.2704 0.3093

kp−Ritz [32] 0.1722 0.2403 0.2811 0.3221
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Table 4. Normalized first fundamental frequency parameter
(

ωh
√

ρc

Ec

)

for a Al/Al2O3 FGM square

plate with a/h = 5 and simply supported along all the edges.

Method Control Points Gradient Index, n

0 0.5 1 4 10

IGA-Quadratic

8 0.21128 0.18051 0.16309 0.13962 0.13231

16 0.21121 0.18045 0.16303 0.13957 0.13227

24 0.21121 0.18044 0.16303 0.13957 0.13227

MITC4 (16×16) [34] 0.21182 0.18082 0.16323 0.13968 0.13251

HSDT [31] 0.21210 0.18190 0.16400 0.13830 0.13060

kp−Ritz [33] 0.20550 0.17570 0.15870 0.13560 0.12840

Remark 1. The following normalization factors for the central deflection and fundamental frequency are

employed, unless mentioned otherwise:

Static bending:

w = 100w
Eoh3

12(1 − ν2)pa4

Free vibration:

ω = ωh

√

ρo

Eo

where Eo = 1 GPa, ρo = 1000 kg/m3 and ν = 0.3.

5.2. Static Bending

The accuracy of the polynomial chaos expansion applied in a non-intrusive manner is illustrated

by considering two cases:

• Case A: Ec is random,
• Case B: Ec and Em is random.

The Young’s modulus is considered as the random parameter for static bending, and the

normalised central deflection of the plate is obtained for gradient indices n = 0, 5. The probability

density function of the normalised central deflection is shown in Figure 3, by considering the PCE

of orders one and two and the Monte Carlo simulations. From Figure 3, the results are found to be

in good agreement even with the crude Monte Carlo simulations. To perform the MCS, a total of

10,000 iterations are performed. However, for the PCE analysis, 4 and 16 samplings were considered

for random variables one and two, respectively, which are significantly less when compared to MCS.

The mean and standard deviation of the normalised central deflection are tabulated in Table 5. It is

observed that the results obtained from PCE order one are comparable with MCS. This clearly shows

the benefits of the non-intrusive PCE analysis over MCS, with only a few evaluations required in

case of the latter. Due to the increase in metallic constituent in the plate, the mean central deflection

values of the plate found to increase with the increase in the gradient index. The sensitivity analysis

can investigate the influence of the metallic fraction on the plate. For this purpose, gradient indices

n = 2, 5, 8 were considered. The estimated Sobol’ indices are plotted in Figure 4, where the Young’s

modulus of the metal was found influence significantly, when compared to the ceramic irrespective of

the gradient index.
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Figure 3. Variation of the probability density function as a function of normalized central deflection;

assuming the Young’s modulus of ceramic as random and (a) n = 0, (b) n = 5 and (c) the Young’s

modulus of both metal and ceramic as random with n = 5.

Table 5. Comparison of the mean and the standard deviation of the normalised central deflection for

different cases between the Monte Carlo simulation (MCS) and the polynomial chaos expansion (PCE),

considering PCE of order 1.

Central Gradient Random Mean Standard Deviation

Deflection Index, n Variables MCS PCE MCS PCE

w

0 Ec 32.94 × 10−4 32.57 × 10−4 38.71 × 10−5 38.83 × 10−5

5
Ec 55.52 × 10−4 55.40 × 10−4 22.18 × 10−5 22.27 × 10−5

Ec, Em 55.89 × 10−4 55.45 × 10−4 48.52 × 10−5 48.28 × 10−5
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Figure 4. Sensitivity study using the first order Sobol’ Indices for n = 5 where the Young’s modulus of

the both the ceramic and plate are the input random variables.

5.3. Free Vibration Analysis

The influence of randomness in material properties on the first two fundamental frequencies

was studied. The randomness in the Young’s modulus and density, for two different gradient

indices, n = 0, 5 were studied, considering the following cases:

• Case A: Ec is random.
• Case B: Ec and ρc is random.
• Case C: Ec and Em is random.
• Case D: Ec, Em and ρc, ρm is random.

Figures 5–8 show the probability density function for the first two normalised fundamental

frequencies for two different gradient indices, n = 0 and 5 for Cases A–D. Results from the present

method with PCE orders 1 and 2 are compared with the results from Monte Carlo Simulations runs

of 10,000, where a close agreement is achieved. The mean frequency is observed to decrease with

increasing gradient index, which is attributed to the increased metallic fraction.

Figure 5. Case A: Variation of the probability density function as a function of normalized frequency,

for the first two normalised frequencies; considering gradient index, n = 0, 5 and the Young’s modulus

of the ceramic as random.
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Figure 6. Case B: Variation of the probability density function as a function of normalized frequency,

for the first two normalised frequencies; considering gradient index, n = 0, 5 and the Young’s modulus

and density of the ceramic as random.
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Figure 7. Case C: Variation of the probability density function as a function of normalized frequency,

for the first two normalised frequencies; considering gradient index, n = 5 and the Young’s modulus of

both metal and ceramic as random.
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Figure 8. Case D: Variation of the probability density function as a function of normalized frequency,

for the first two normalised frequencies; considering gradient index, n = 5 and the Young’s modulus

and density of both metal and ceramic as random.

When the number of random variables is four, the total number of evaluations performed using

the PCE with Order 2 is 64, which is small when compared to 10,000 Monte Carlo simulations. The MCS

took ≈45,062 s, whilst the PCE of order 2 took only around 189 s, which is much lower as compared to

the former. In spite of this, it is observed from Figures 5–8, that the proposed framework yields more

accurate results. The mean and standard deviation of the first natural frequencies obtained from MCS

and the PCE of order equal 1, are tabulated in Table 6. where the results from the PCE agrees well

with the results from MCS.

Table 6. Comparison of the mean and the standard deviation of the first two normalised natural

frequencies for different cases between the MCS and the PCE. Here PCE order 1 is considered.

Frequency Gradient Random Mean Standard Deviation

Index, n Variables MCS PCE MCS PCE

ω1

0
Ec 123.72 123.97 7.20 7.19

Ec, ρc 124.42 124.02 1.95 1.95

5
Ec 99.03 99.02 2.22 2.20

Ec, ρc 99.03 99.02 2.22 2.20

Ec, Em 98.80 99.03 4.28 4.24

Ec, Em, ρc, ρm 99.27 99.05 6.53 6.44

ω2

0
Ec 227.89 228.59 13.27 13.34

Ec, ρc 229.17 228.39 18.93 18.80

5

Ec 177.15 177.14 3.05 3.02

Ec, ρc 177.16 177.14 3.56 3.53

Ec, Em 176.85 177.25 7.85 7.86

Ec, Em, ρc, ρm 177.69 177.04 11.84 11.80

For each of the cases considered, the Sobol’ index is shown in Figure 9. For a homogeneous plate,

i.e., n = 0, both the effective Young’s modulus and the density of the material have equal influence on

the natural frequency of the plate.
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Figure 9. Sensitivity study of the random parameters using the first order Sobol’ index for the first

fundamental frequency of the functionally graded material plate.

However, when n > 0, the effective Young’s modulus has a significant impact. When both metallic

and ceramic Young’s modulus are considered to be random, the randomness in Young’s modulus

of the metallic phase is noticed to have more influence on the normalised fundamental frequency.

When all the material properties, Young’s modulus, and density of both the constituents are taken

as random, density of the metallic phase has a significant influence on the output variable. These

observations can be attributed to the increase in the metallic phase of the plate with an increasing

gradient index. The influence of CoV of the metallic phase on the mean and standard deviation of

the fundamental frequency is shown in Figure 10, where the influence of the gradient index is also

depicted. It is inferred that the mean value of the fundamental frequency is found to be constant,

and the standard deviation increases with increasing CoV.
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Figure 10. (a) Mean and (b) standard deviation of the first natural frequency ω1, for the variation of

CoV of the metal, considering the gradient index n = 2 and 5.

6. Conclusions

In this study, the influence of randomness in the material properties of constituent materials

on the static bending and free vibrations of FGM plates is studied using a non-intrusive approach.

The stochastic response and its moments are obtained using the non-intrusive technique, with the

help of PCE up to two orders. Results from the present analysis are compared with with 10,000

MCS realizations. A global sensitivity analysis is performed to determine the influence of the input

randomness on the output variance, by computing the Sobol’ indices, which are determined directly

from the PCE’s coefficients without any additional sampling. From the numerical analysis, it is

inferred that the results estimated using the developed methodology, based on the polynomial chaos

expansion of the output variables are found to be in close agreement with the results from Monte

Carlo simulations. Therefore, the developed framework can thus be used for studying the influence of

other parameters without having to carry out the computationally intensive Monte Carlo simulations.

The salient features of the proposed framework are:

• It can handle a wider range of CoV, unlike the perturbation based methods.
• Does not require to modify the existing code like the intrusive based approaches.
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